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Abstract 
The aim of this paper is to examine which payment instruments Canadians use for paying bills 
and to assess the factors driving their bill payment behaviour. I use 2019 survey data collected 
among over 4,000 Canadians and estimate a set of binomial and multinomial regressions to 
assess the factors influencing consumers' use and perception of different bill payment options. 
I find that there is no single dominant payment method for all consumer groups: demographics, 
financial situation, new technology adoption and POS payment habits play a significant role in 
the usage of bill payment methods as well as in consumers' stated reasons and barriers of use. 
Moreover, I demonstrate that consumers' bill payment behaviour strongly varies by bill type. 
The conclusions are useful for policy discussions on how to encourage a migration away from 
paper-based payment methods and how to (re)design a retail payments system to 
accommodate end-user needs. 
 
Topics: Bank notes, Econometric and statistical methods, Financial services, Payment clearing 
and settlement systems 
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1 Introduction

The aim of this paper is to examine how Canadians pay their bills. Many papers have been
written around consumers’ payment behaviour in stores and other points-of-sale (POS).
Henry, Huynh, and Welte (2018), for example, show that in 2017, Canadians used cash
for about 30% of their POS purchases and that cash is commonly used among the elderly,
low-income groups and those having a low level of education and financial literacy. We know
very little, however, about how Canadians pay their monthly electricity costs, their rent and
other bills. Even less is known about the factors driving consumers’ bill payment behaviour.
Yet, bill payments make up a large share of total transactions made in an economy. In
Canada, bill payments accounted for at least 25% of total household consumption in 2019.1

Bill payments differ from POS payments in various ways. POS payments refer to
purchases of goods and services that are immediately paid for, whereas bill payments concern
the discharge of outstanding obligations for services rendered, such as rent, utilities and
internet subscriptions.2 As such, bill payments often have a recurrent nature (e.g. monthly
or bi-weekly) and can be anticipated. Also, the average amount of a bill is generally higher
than a POS purchase, and for recurring bills the amount can even be fixed. Moreover, bills
can be paid using different payment methods than those commonly used at the POS, such as
online banking or automatic payments. Because of these differences, the drivers underlying
people’s choice of payment method for bill payments might differ from the drivers underlying
POS payment choices. Hence the importance of studying bill payments separately from POS
payments.

I use a unique set of 2019 survey data collected among over 4,000 Canadian consumers
and employ econometric techniques to assess how the use and perception of different bill
payment options are influenced by demographics, financial situation, adoption of new
technologies, general payment behaviour and bill type. The key conclusions from the
descriptive statistics are (1) On average, Canadians use between two and three payment
methods to pay their bills, (2) pre-authorized debits (PADs), online bill payments (OBPs)
and credit cards are used most frequently, (3) e-Transfers seem to be used as a substitute
for PADs and cheques, (4) convenience and speed are most often mentioned as reasons for
use, and (5) cheques, cash, prepaid cards and money orders are often used due to choice
restrictions. Moreover, the results of the binomial and multinomial regressions show that
there is currently no single dominant payment method for all consumer groups and uses.
Demographics, financial situation, new technology adoption and POS payment habits play
a significant role in both the usage and intensity of use of bill payment methods, as well as
in consumers’ stated drivers and barriers. Moreover, I show that consumers’ bill payment
behaviour strongly varies by bill type.

This paper not only fills an important gap in the Canadian and international retail
payments literature, but it is also helpful for central banks, payment system operators and
payment service providers who are (re)designing their retail payment infrastructures. The
results demonstrate which attributes consumers care about and, hence, which end-user needs
to accommodate when building a new or upgrading an existing payment system. Also, the

1Source: Statistics Canada, Table 36-10-0124-01 Detailed household final consumption expenditure.
2Bill payments are sometimes also referred to as remote payments.
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conclusions are useful for policy discussions on how to encourage a migration away from
paper-based payment methods, such as cheques and cash.

2 Related Literature

This paper adds to an extensive number of papers that examine consumers’ payment
behaviour at the POS.3 Overall, consumers’ decision about how to pay for their POS
purchases is found to be influenced by consumer demographics, transaction-related features,
situational characteristics and payment instrument–related features. Bagnall et al. (2016),
for example, measure consumers’ use of cash in Canada, Australia, Austria, France, Germany,
the Netherlands and the U.S. They find that the use of cash is strongly correlated with
transaction size, demographics and POS characteristics, such as merchant card acceptance
and venue. Focusing on Canada, Arango, Huynh, and Sabetti (2011) study the effect
of socio-economic characteristics, payment instrument attributes and transaction-related
features on the probability of using cash, debit and credit cards. They find that cash is
extensively used for lower-value transactions, mostly due to speed, merchant acceptance
and low costs. By contrast, they show that debit and credit cards are more often used
for larger-value transactions and that there is a strong substitution from debit to credit
due to credit card rewards. On top of these factors, Kosse and Jansen (2013) present
evidence of payment habits playing a role. They examine the use of cash and debit cards
among Dutch consumers with a foreign background and conclude that their payment choices
are still influenced by the general payment habits in their countries of origin. Schuh and
Stavins (2010) and Arango and Welte (2012) are among those who find that specific payment
instrument characteristics (e.g. convenience, speed, cost, timing, acceptance, anonymity and
record keeping) are important determinants of consumer POS payment behaviour. Moreover,
consumers’ views on the safety of payment instruments have been extensively studied. Kosse
(2013b) investigates the impact of consumers’ safety perception and shows that preferences
for cash and debit cards are strongly affected by how consumers assess the likelihood and
seriousness of safety incidents related to cash, debit cards and cash withdrawals. Apart
from perceived safety, actual safety levels have also been shown to affect people’s use of
payment instruments. Kosse (2013a) uses daily debit card transaction data and newspaper
announcements from 2005 to 2008 and finds that the number of debit card payments drops
significantly on the days when newspapers report on debit card fraud.

Only a handful of papers specifically investigate consumers’ bill payment behaviour. It
is therefore uncertain whether the drivers found in the POS literature also apply to non-POS
payments, such as bill payments. Mantel (2000) was one of the first to study consumers’
bill payment behaviour. Using survey data from 1,300 Americans, the author finds that
several broad factors influence consumers’ preference for electronic (instead of paper-based)
bill payment instruments: 1) demographics and wealth, 2) personal preferences for control,
convenience, incentives, personal involvement and/or privacy, and 3) transaction-specific
factors associated with different bill types. Hayashi and Klee (2003) also survey U.S.
consumers and find a significant role for consumers’ propensity to adopt new technologies.
They show that consumers who use new technologies or computers are more likely to pay their

3See Kosse (2014) and Stavins (2017) for a synopsis.
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bills online. In fact, they conclude that new product adoption is a more important predictor
of online bill payment use than demographics or financial characteristics. Furthermore,
they show that bill payment choice depends on a bill’s frequency and value variability:
frequent bills are more often paid online or automatically instead of via a cheque, and
consumers are more (less) likely to use automatic (online) payments for bills with a fixed
dollar value. Karjaluoto (2002) uses survey data collected among Finnish consumers and
finds that the primary factors affecting the choice of bill payment method are speed, security,
trustworthiness, ease of use and the dollar value of the bill. Also, significant differences are
found based on household income, with higher-income people primarily valuing speed and
flexibility (in terms of when and where to make the payment). When investigating how U.S.
consumers pay their rent, Zhang (2016) also finds that income is significantly correlated
with payment method choice, with higher-income people being less likely to pay their rent
using cash. Interestingly, Zhang (2016) also demonstrates how rental payment choices are
correlated with respondents’ other payment decisions: those who frequently use cash for
POS payments are found to be more likely to pay their rent with cash.

Bounie and François (2011) explicitly address the question whether the standard
framework for studying the choice of payment instruments at the POS is relevant to study
bill payments. Using French survey data, they conclude that consumers do not seem to be
sensitive to the fixed costs of using payment instruments and that the transaction size does
not influence the choice of payment instruments either. In fact, they find that the higher the
bill frequency, the lower the use of an automatic payment solution. These findings contradict
the standard approach to payment choice at the POS, where costs and transaction values
do play a role. Therefore Bounie and François (2011) argue that there is a need for an
alternative model of payment instrument choice when it comes to bill payments. Greene
and Stavins (2020) also show that consumers’ payment choice for bill payments differs from
payment choices at the POS. They find that, contrary to POS purchases, demographics,
income and the type of bill are more important factors determining the payment method
chosen than the dollar value of the bill.

In conclusion, the existing literature suggests that there are factors that correlate both
with POS and bill payment choices, such as consumer demographics and transaction-related
features. However, it also hints at considerable differences. Moreover, none of the studies
specifically focus on the choices of Canadians and Canadian bill payment methods, which is
exactly the scope of this paper.

3 Bill Payment Methods in Canada

Canadian businesses can offer their customers a wide range of bill payment methods. Most
billers accept more than one of the following options:

• Pre-authorized debits (PADs): these are automatic payments for which the consumer
agrees in advance that the biller may collect the payment at a predetermined frequency.
PADs are permitted for both fixed and variable amounts. PADs are also known as
direct deposits or direct debits. Once set up, PADs do not require any additional
effort from the consumer.
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• Online bill payments (OBPs): these allow consumers to pay their bills through internet
banking or a mobile banking app. In there, they select the company they want to pay
and specify the amount and frequency of the payment, as well as the account from
which it has to be paid.

• Cheques: these are written “orders to pay” signed by the payer, instructing their
bank to transfer the amount from their account to the person or organization that is
depositing the cheque. To pay a bill using a cheque, consumers simply send the cheque
to the biller through regular mail.

• Credit cards: consumers can pay their bills using a credit card in various ways, such
as online on the biller’s website, by setting up pre-authorized credit card payments,
through a telephone call with a biller’s representative or by bringing a copy of the
bill to their bank. Also, some billers, such as internet and telephone providers, have
physical locations where consumers can pay their bill through an in-person credit card
payment.

• e-Transfers: launched in 2002, this is an online funds transfer service that enables
consumers and businesses to transfer money directly from one bank account to another,
24 hours a day, 7 days a week. An e-Transfer payment can be initiated in one’s online
or mobile banking account, using the email address or mobile phone number of the
payee. Once the payee receives and accepts the payment, the money is received in
near-real-time (up to 30 minutes). e-Transfer is specific for Canada, but approximates
faster payment solutions in other countries.

• Store-offered money orders (MOs): these can be purchased at post offices and other
non-bank financial service providers, such as MoneyMart or CashMoney. MOs are
prepaid paper-based payment instructions, similar to bank drafts or certified cheques,
and can be sent directly to the biller through regular mail. MOs allow consumers to
pay their bills even if they do not have a bank account or a payment card.

• In-store electronic bill payments (EBP): these require consumers to bring a paper copy
of the bill to a post office or another non-bank financial service provider, who, on
their behalf, initiates the payment through their electronic payment system. Similar
to store-offered MOs, this method can be paid for in cash and hence does not require
a bank account or a payment card.

• Cash: consumers can pay bills in cash by bringing a copy of the bill to their bank or,
if available, to a physical store of the biller.

• Prepaid cards: some billers allow consumers to pay bills with a reloadable prepaid card.
These cards are issued by banks, retailers and other financial institutions and use the
Visa, Mastercard or American Express payment network. A prepaid card payment
works in the same manner as a regular credit card bill payment. However, prepaid
cards do not provide access to a line of credit and hence can be used by people who
are unable to qualify for a regular credit card.
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• Debit cards: these are similar to credit cards: consumers can pay bills with a debit card
either online on the biller’s website, by setting up pre-authorized debit card payments,
through a telephone call with a biller’s representative or by bringing a copy of the bill
to their bank or a store of the biller (if available). Contrary to credit cards, payments
are directly made from the payer’s bank account. Also, debit cards allow for paying
bills at automated teller machines (ATMs).

Over the past decades, payment service providers and billers in Canada have increased
their efforts to improve the cost efficiency of payments by stimulating the use of electronic
payment methods. This, in combination with the rapid and widespread adoption of internet
and mobile phones, has resulted in a steady decline in the usage of paper-based payment
methods. Payments Canada (2019) demonstrates that in 2013, cheque and paper items
represented 46% of the total value of transactions made in Canada, while in 2018 this ratio
had dropped to 39%. Kosse et al. (2017) study the costs of payments in Canada and show
that for larger-size transactions, cash payments are more costly for society than credit and
debit card payments. A similar study conducted in Australia also examined the costs of
cheques and demonstrated that the cost of paying by cheque is 2.5 times the cost of paying
by credit card in non-POS transactions (Schwartz and Carter (2007)). This suggests that
a further substitution of cash and cheques by electronic alternatives will likely generate
additional cost savings.

4 Data and Summary Statistics

4.1 Data collection

The data used for this research is from the 2019 Canadian Consumer Payments &
Transactions (CCPT) Survey conducted by Leger Marketing Inc. on behalf of Payments
Canada.4 The survey was conducted online among thousands of Canadian consumers to
explore the type of payment instruments used for POS and remote transactions.5 The data
collection took place in four months (April, June, October and December) and yielded 7,652
responses from 4,056 unique consumers.6 The sample was drawn using stratified random
sampling based on gender, age and region. The final sample shows a slight under- and

4Payments Canada is the owner and operator of the two core payment systems in Canada: the Large
Value Transfer System (LVTS) and the Automated Clearing Settlement System (ACSS).

5Online panels may introduce sampling errors due to selection biases, which may also be the case for the
CCPT Survey data. That is, people who do not have access to the internet are by default excluded from
participation, while their payment behaviour might significantly differ from that of online panellists. People
without internet, for example, are not able to pay their bills online and might have a different attitude
towards electronic ways of paying in general. As a result, the use of online and electronic bill payment
methods might be slightly overestimated in the CCPT Survey data. Yet, I expect this bias to be small
given the high internet penetration in Canada. In 2018, 94% of the population aged 15 years and older had
access to the internet at home (source: Statistics Canada, Table 22-10-0113-01, Use of Internet services and
technologies by age group and household income quartile, 2018).

6The number of unique consumers is smaller than the total number of responses, as some consumers took
part in multiple waves.
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overestimation of some strata. Table 1 shows, however, that the data is fairly representative
of the Canadian population after applying survey weights.7

The survey touched upon a large variety of payments-related topics, such as people’s
recent cash and card use, bill payments, online shopping behaviour, virtual currency use and
cross-border payments. For this paper, the key variables of interest include 1) consumers’
self-reported use of payment methods for paying 13 different bill types, 2) their total monthly
value of bill expenses by payment method, and 3) the main reasons for using that method.8

The 13 bill types include expenses for cable, car, car insurance, cell phone, daycare/tutoring
fees, electricity, home insurance, home services, internet, gas/heating, rent/mortgage, tax
and water/sewer. For each of these expenses, respondents were asked which of the following
10 payment methods they had recently used: PADs, OBPs, cheques, credit cards, e-Transfers,
store-offered MOs, in-store EBPs, cash, prepaid cards and debit cards. Moreover, the survey
data contains a large number of demographic and socio-economic variables, and allows for
detecting variations across consumers based on their POS payment habits, online shopping
behaviour and use of alternative payment solutions.

4.2 General bill payment behaviour

Tables 2 and 3 present some descriptive statistics about bill payment behaviour in Canada.
On average, Canadian consumers have about eight different bills to pay, and they use between
two and three payment methods to do so (see Table 2). PADs and OBPs are the most widely
used bill payment methods, followed by credit cards and cheques (see Table 3). 75% and
69% of consumers had used a PAD and OBP, respectively, for one or more of their recent
bills, while credit cards and cheques were used by less than half and a quarter of consumers,
respectively. The usage of e-Transfer and cash for paying bills is considerably lower, i.e.
16% and 14%, respectively. Alternative methods, such as store-offered MOs, in-store EBPs,
prepaid cards and debit cards are only used sporadically.

PADs, OBPs and credit cards also take the lead in terms of value. On average,
consumers recently transferred most through a PAD (CAD 1,060), followed by credit card
(CAD 873) and OBP (CAD 866). However, the total bill value paid by cheque (CAD 691)
and e-Transfer (CAD 631) is not negligible. The large PAD and OBP value is mainly driven
by the fact that consumers use these for, on average, four different bill types. The other
methods are commonly used for one or two (or, in the case of credit cards, for three) bills.
By contrast, the relatively large value paid through cheques and e-Transfers seems to be
caused by the fact that consumers use these for relatively large bills. Their average bill sizes
are CAD 428 and CAD 374, respectively, as opposed to CAD 268 for PADs and CAD 209
for OBPs.

7Very large or small weights can increase instability of estimates. The weighting factors in the data vary
between 0.3581727 and 4.407708, and the median weighting factor is 0.9020495. The absence of extremely
high or low weights suggests that the weights are not likely to have introduced instabilities.

8The survey contained the following bill-related questions: 1) “Please indicate how you most recently
paid the following (13) bills or household expenses.”; 2) “What was the total value of your monthly expenses
paid using [...]?”; and 3) “Why did you pay a bill or household expense using [...]?”
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4.3 Bill payment choice

Figure 1 reveals a couple of interesting patterns as to how consumers pay their bills. First,
the mix of payment methods used for electricity, water, gas and tax is very similar, with
most bills being paid with an OBP. Second, OBP is also the most often used payment
method for cable, internet and cell phone bills, although credit cards are frequently used
here as well. Third, rent/mortgage, car, home insurance and auto insurance bills are most
often paid via a PAD. This might be due to the fact that these expenses are often of a
fixed nature. Fourth, consumers use a large variety of methods for their home services and
daycare/tutoring bills. There is not one unique payment method, and, compared to other
bills, these two expense types are relatively often paid via cheque, cash and e-Transfer. This
is likely because home, daycare and tutoring services are often provided between individuals,
which requires a person-to-person (P2P) payment solution.

Figure 2 presents the same data as in Figure 1, but from a payment method angle.
It clearly shows how each method has a different set of use cases. PADs and OBPs are used
for a large variety of bills, and the same is true for store-offered MOs and in-store EBPs, as
well as debit cards. Some payment methods, however, are mainly used for a selected number
of bills. Cheques, e-Transfers and cash are most often used for rent/mortgage bills and for
home services, whereas prepaid cards are mainly used for cell phone bills.

The fact that the use of payment methods strongly varies by bill type might be driven
by various factors, such as consumers’ preferences based on, for example, the bill size, bill
frequency or their trust in the biller. Alternatively, consumers’ decisions might be influenced
by stimuli or requirements put in place by billers to steer consumers towards certain payment
methods. The CCPT Survey asked consumers why they had used a particular payment
method for one or more of their bills. The results are summarized in Figure 3 and show that
convenience and speed are the most commonly mentioned reasons for nearly all payment
methods. This corresponds to the findings from Greene and Stavins (2020) and suggests
that consumers really care about ease of use and speed when making a payment. On top
of that, there are a few interesting differences across methods. Being able to control the
timing or size of the payment is an often-cited reason for people to use an OBP or a cheque.
Receiving rewards is a strong motive for paying with a credit card, while prepaid cards and
store-offered MOs and in-store EBPs are frequently used for cost reasons. Apart from these
consumer-driven motives, Figure 3 also suggests that consumers do not always have full
freedom of choice, as having no other choice was frequently cited as well. Especially cheques
are heavily used because consumers had no other choice.

Table 4 shows for each bill payment method how its usage (i.e. whether consumers
had used it for at least one bill) is correlated with that of the other methods. The significant
correlations are denoted with a star. Overall, there is a significant negative correlation
between PADs and OBPs on the one hand, and the majority of the less prevailing methods
on the other. This suggests that the latter rather serve as substitutes for PADs and OBPs,
which might insinuate that consumers do not (need to) use these alternative methods when
they are already used to paying with a PAD or OBP, or vice versa. By contrast, the
significantly strong and positive correlations towards the bottom right corner of the table
point to a large complementarity among the non-traditional methods; i.e. consumers (have
to) use a combination of these methods to pay all their bills. Table 4 also suggests that
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e-Transfers are significantly competing with PADs and cheques, and that consumers tend to
use cash instead of PADs, OBPs and credit cards. Hence, a further increase in the uptake
of e-Transfer might lead to a decline in PADs and cheques, whereas a potential drop in cash
use may result in a further uptake of PADs, OBPs and credit cards.

5 Empirical Analysis

I use a series of binomial regressions to examine what drives consumers to use a particular
payment method for paying their bills. First, I study the usage of the 10 different bill payment
methods by examining, for each of these methods, how users differ from non-users. Second,
again for each method, I compare the characteristics of low users with those of high users to
further understand the drivers behind the intensity of use. Third, I assess the self-reported
reasons for using a particular method to see how preferences and challenges differ across
consumers. Finally, I estimate a multinomial logit model to examine how payment choices
differ across the 13 bill types.

5.1 Usage of bill payment methods

5.1.1 Model

In this section, I examine the determinants of the likelihood that consumers have used
a particular payment method for paying bills. For this purpose, I estimate the usage of
payment method j by consumer i with the following binomial logit specification:

Aij = A(DEMi, F INi, INNOi, POScashi) (1)

where

Aij ≡

{
1 if consumer i has used payment instrument j

0 otherwise
(2)

and where j = PAD, OBP, cheque, credit card, e-Transfer, store-offered MO, in-store EBP,
cash, prepaid card or debit card. The explanatory variables are motivated by the empirical
bill payments literature as well as economic intuition. DEMi is a vector of consumer i’s
demographic characteristics that includes gender, generation, and whether they live in a
rural or urban environment. Earlier papers, including Mantel (2000), find that consumers’
payment choices significantly vary by sex and age. Moreover, the urbanization degree
of consumers’ living environment has been shown to impact the use of electronic (versus
paper-based) payment methods—at least at the POS; see e.g. Jonker (2007). I might
find similar results for bill payments. Urban areas generally have a higher density of bank
branches, automated teller machines (ATMs) and stores that offer payment services. This
might, for example, be reflected in a different usage rate of cheques, cash, cards, store-offered
MOs and in-store EBPs. FINi is a set of variables about consumer i’s financial situation.
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Inspired by Mantel (2000), who finds that the lowest-income people are less likely to use
electronic bill payment solutions, this vector includes consumer i’s income. Moreover, it
contains a dummy variable equal to 1 if consumer i is responsible for their household’s
finances and a dummy indicating whether consumer i is self-employed. People who manage
their household’s finances might be more aware of the available payment options and likely
have more experience using these. As a result, they might have different preferences than
those who less often transfer funds. The same might hold for self-employed consumers.
INNOi is a vector of variables on consumer i’s general technology adoption, including their
frequency of online purchases in the past month and if they recently initiated a payment
with Alexa, Google Home, Instagram, Facebook or Apple Siri (hereafter referred to as big
tech companies). Following Hayashi and Klee (2003) and Schuh and Stavins (2010), the
idea behind these regressors is that people who are more open to using new technologies
in general might also be more willing to use innovative bill payment methods. Moreover,
people who more often use alternative purchasing channels are likely to be more familiar with
using non-traditional payment methods, which may also be reflected in their bill payment
behaviour. The variable POScashi is added as an indicator of consumer i’s use of cash for
POS payments. It takes on three values: ‘low’, ‘medium’ or ‘high’, depending on whether
consumer i pays with cash less often than, just as often as or more often than with debit and
credit cards when making payments to businesses.9 When describing the results, I will refer
to these consumers as either low, medium or high POS cash users, respectively. The purpose
of this variable is to assess how POS payment habits play a role. As shown by Zhang (2016),
consumers who regularly use cash in stores and at other points-of-sale might also be found
to be more likely to use cash for bills.

Table 5 shows the results of the 10 binomial logit models comparing users with
non-users of each payment method j. The results are reported as average marginal effects
reflecting the likelihood of a consumer being a user of method j relative to those in the
base category of a particular explanatory variable while assuming all other characteristics
to be the same. Since some consumers participated in the survey multiple times, I clustered
the standard errors by respondent to account for potential correlation across different bill
payment choices made by the same person.10

9POScashi is calculated based on the number of cash, debit and credit card payments made to businesses
in the past seven days prior to the survey. For some respondents, this variable may not only refer to POS
payments, but also to bill payments if these were paid within these seven days. Unfortunately, the timing
of the bill payments made by the respondents is unknown, and therefore I am not able to exclude these
when calculating POScashi. Yet, the total cross-sectional variation in POScashi is most likely caused by
variations in the use of cash (and cards) for POS payments given the relatively low number of bills paid
with cash (and cards). For example, the weighted mean number of (monthly) bills paid with cash across all
respondents is 0.22, while the weighted mean number of total (weekly) cash payments made to businesses
equals 2.6.

10Alternatively, I estimated a random effects model, treating the data as panel data. However, the
unbalanced nature of the panel data resulted in large standard errors: only 68 respondents out of the
4,056 participated in each of the four waves. Hence my decision to treat the data as pooled cross-sectional
data and to adjust the standard errors to correct for potential correlation between unobserved characteristics
of same respondents.
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5.1.2 Results

Overall, Table 5 reveals that there are considerable and significant differences between users
and non-users of each payment method.11 This suggests that targeted measures may be a
valuable tool if one wants to encourage or discourage usage of particular methods. First,
consumers’ demographic characteristics are important in explaining how they pay their bills.
Males are significantly less likely than females to use a PAD or OBP, but more likely to use
alternative options, such as credit and debit cards, store-offered MOs and in-store EBPs.
For instance, the probability of using a PAD and OBP is on average about 4 percentage
points (pp) lower for men than for women with the same other characteristics. Also, older
generations are more likely than those in the base category, i.e. the youngest, to use a PAD,
OBP, cheque and credit card. By contrast, the youngest are significantly more likely to
use an e-Transfer, debit card or store-offered MO. The impact of age on e-Transfer usage
is rather strong, as the marginal effects vary between -7 pp and -22 pp, depending on the
generation. The environment in which people live plays a very significant role in whether
people use a credit card or debit card. People from urban areas are almost 6 pp more likely
to pay bills with a credit card than those residing in rural areas. By contrast, the latter are
about 3 pp more likely to use a debit card. Inspection of the data shows that there are no
significant differences between urban and rural respondents in terms of debit and credit card
possession, which suggests that the results may be driven by supply-side effects.

Second, users and non-users of the various methods significantly differ in terms of
their financial situation. The probability of using a PAD, OBP, cheque and credit card is
about 8 pp, 10 pp, 4 pp and 12 pp, respectively, higher for people who generally pay for their
household’s bills than for those who do not. By contrast, the latter are 3 pp more likely to use
a debit card. A potential explanation could be that the former are more aware of the available
payment options, have better access to these and have more experience using these. In line
with Zhang (2016) and Greene and Stavins (2020), income is a strong predictor too. Medium
and high-income people are more likely to use a PAD, OBP and a credit card than those from
the lowest income group, with the marginal effects varying between around 5 pp for OBP
and 22 pp for credit cards. Those with the lowest incomes, however, are significantly more
probable to use an e-Transfer, cash and a debit card. This seems intuitive, as lower-income
people have lower financial buffers and are therefore more likely to be concerned about ending
up having a negative balance or payments being rejected in case of automatic payments (i.e.
PADs). Instead, they might rather pay each bill individually and without tapping into a
credit line, and therefore prefer an e-Transfer, cash or a debit card. The self-employed are
6 pp less likely than their counterparts to use a PAD, but 9 pp more likely to use cheques.
Self-employed may have similar concerns about automatic payments due to limited financial
buffers. Also, being entrepreneurs themselves, they may be more likely to regularly receive
cheques, and hence be more familiar with using them.

11I used the Hosmer-Lemeshow test to test for the goodness-of-fit of each model (Hosmer, Lemeshow, and
Sturdivant (2013)). Contrary to the Pearson chi-squared goodness-of-fit test, the Hosmer-Lemeshow test
can be applied if the number of covariate patterns is close to the number of ‘positive’ observations, which is
the case in my models. The test results (available upon request) show that after removing a few influential
observations, the models are a good fit. Only for model (8), the null hypothesis of good fit has to be rejected
at a 15% significance level.
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Third, general technology adoption is significant in whether consumers use a certain
payment method. This is consistent with the conclusion of Hayashi and Klee (2003). The
likelihood of using an OBP or in-store EBP significantly increases with the number of online
purchases made. The marginal effect is strongest for OBPs—the payment method for which
consumers also need to go online. This points at an important role of habits, experiences
and perhaps confidence in using online technologies. Interestingly, people who have recently
initiated a payment with one of the large technology companies are more likely to have used
every single method but a PAD. This suggests that they tend to use a more differentiated mix
of payment methods, including the less mainstream ones, instead of paying automatically
using a PAD. This might potentially imply that these people are more open to trying
everything and that they would rather choose their bill payment method on a bill-by-bill
basis.

Finally, similar to Zhang (2016), I find that people’s POS payment behaviour is a
significant factor in distinguishing users and non-users. Consumers who more often pay with
cash than with a payment card at the POS (i.e. high cash users) are 15 pp more likely to pay
their bills with cash than low cash users. Also, the former are more likely to use a store-offered
MO, in-store EBP, prepaid or debit card. By contrast, high POS cash users are less likely
to pay their bills with a PAD, OBP or credit card. This strong and significant correlation
between POS and bill payment choices might be driven by preferences, but possibly also by
limited access to a bank account or credit card. That is, cash, MOs, in-store EBPs, prepaid
cards and debit cards are all methods that do not require access to a bank account and/or
credit line, while PADs, OBPs and credit cards do. Unfortunately, the survey data lacks
the necessary information to further assess the underlying driver, such as reliable financial
inclusion data or credit ratings.

5.2 Intensity of use of bill payment methods

5.2.1 Model

In this section, I investigate the factors that influence the intensity with which a consumer
i uses a certain bill payment method j, i.e. how many bills they pay with each payment
method j. For this analysis I follow the approach of Mantel (2000) and classify consumers
as either ‘low users’ or ‘high users’ of a certain payment method. To do so, I first calculate
Sij, which reflects the share of bills paid by consumer i using payment method j:

Sij =
Pij∑
j

Pij

(3)

where Pij denotes the total number of bills paid by consumer i using payment method j.
I subsequently define a consumer i as a ‘low user’ of payment method j if their share of
payment method j is lower than the fourth decile of the mean share of payment method
j across all consumers (Sj). By contrast, I classify ‘high users’ as those for which the
share of payment method j is higher than the sixth decile of Sj. These cut-offs ensure
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that the shares between the two groups are sufficiently distinctive while not removing too
many observations.12 Based on this, I estimate the following binomial logit specification
to explore which factors determine whether a consumer is a ‘low’ versus a ‘high’ user of a
certain payment method:

HIGHij = HIGH(DEMi, F INi, INNOi, POScashi) (4)

where

HIGHij ≡

{
1 if Sij > sixth decile of Sj

0 if Sij < fourth decile of Sj

(5)

The binomial logit models as specified in (4) contain the same regressors as in specification
(1), and again, I clustered the standard errors by respondent to account for potential
correlation across different payment choices made by the same person. Due to the above
methodology for distinguishing low from high users, those consumers for whom the share
of payment method j is between the fourth and the sixth decile of Sj are excluded from
the analysis. Therefore, the total number of observations is too small to run the model
for store-offered MOs, in-store EBPs and prepaid cards. Hence, Table 6 shows the average
marginal effects of the binomial logit models estimated for the seven remaining payment
methods.

5.2.2 Results

A couple of key conclusions emerge from the results in Table 6.13 First, demographics have
far less impact on the intensity with which people use certain payment methods than on
usage in general. Gender only weakly affects the intensity of OBP and credit card usage,
with men being 4 pp less (more) likely than women to be a high user of OBPs (credit cards).
For all other methods, once being a user, male and female use it equally often. Also, the
impact of one’s living environment is only significant in the debit card model: people living
in urban areas are 14% pp more likely than those in rural areas to be a frequent debit card
user. Of all demographic variables included in the model, age is the most significant and
considerable predictor of intensity of use. Compared to the base category, i.e. people born
after 1996, the older generations less frequently pay their bills via a PAD, cheque, e-Transfer
or debit card. However, they are more likely to be a frequent user of OBPs.

Second, people’s financial situation influences usage intensity. Those managing their
household’s expenses are less likely to be a high user of five out of the seven payment methods
studied. This corresponds with the finding in Section 5.1.2 that they are more likely to pay
their bills with a larger variety of payment instruments than those who only rarely pay a bill.

12The signs and significances of the estimated coefficients barely change when using different cut-off points.
Results of these alternative specifications are available upon request.

13The Hosmer-Lemeshow test results (available upon request) show that after removing a few influential
observations, the models are a good fit, except for model (3). Hence, the results of the latter should be
interpreted with some caution.
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Indeed, further exploration shows that those responsible for their household’s finances use
on average 2.7 different methods, versus 2.3 for their counterparts. Apparently, the latter
more often stick to a limited number of methods when paying their bills, which may be
caused by a lack of familiarity with the existence or functioning of other payment options.
Moreover, low-income people are significantly more likely than those with higher incomes to
be frequent users of OBPs, cheques, e-Transfers, cash and debit cards. The income effect
is particularly strong for cash, with marginal effects of 33 pp (medium income) and 62 pp
(high income).

Third, high and low users of payment methods also differ in their use of new
technologies in general. In particular, those who have initiated a payment through one
of the big techs are less likely to be a high user of PADs, OBPs, credit cards or debit cards.
This is in line with the finding in Section 5.1.2 that they are more likely to use a larger
variety of methods for paying bills compared to those who have never transacted with a big
tech company such as Alexa, Google Home, Instagram, Facebook or Apple Siri—perhaps
because they are more technology savvy and more open to trying and experimenting with
different options. The survey data indeed reveals that the average number of bill payment
methods used by big tech users is 3.5, versus 2.6 for their counterparts.

Finally, consumers’ relative use of cash at the POS plays a role in distinguishing high
and low users of payment methods. The impact is particularly strong in the cash model:
high POS cash users are 22 pp more likely than the base category (i.e. frequent POS card
users) to be a high user of cash when it comes to paying bills.

5.3 Reasons for bill payment choice

5.3.1 Model

The CCPT Survey asked respondents why they had recently used a certain payment method
for paying one or more bills. The answers to this question can be seen as a reflection of
consumers’ preferences and encountered barriers when choosing how to pay. That is, when
someone mentions safety as a reason, this likely implies that safety is an important feature
to them. Similarly, when someone indicates that they had no other choice, they probably
had a limited set of payment methods to choose from and potentially would have preferred
another method if available to them. Therefore, in this section I examine the stated reasons
for use to better understand which features consumers care about and who is restricted most
in their payment choice. I do so using the following binomial logit model:

Rik = R(DEMi, F INi, INNOi, POScashi) (6)

where

Rik ≡

{
1 if consumer i has mentioned reason k

0 otherwise
(7)
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and where k = cheapest option, no choice, fast and easy, control (over payment timing and
amount), for rewards, and most secure.14 Driven by the available data, the empirical retail
payments literature and economic intuition, I use the same regressors as in specifications (1)
and (4). Also, the standard errors are again clustered by respondent to account for potential
correlation across different reasons stated by the same person. Table 7 shows the average
marginal effects of the six binomial logit models—one for each reason.

5.3.2 Results

Overall, the results in Table 7 show that the reasons for choosing a bill payment method
significantly differ across people.15 In terms of demographics, men are more likely to have
chosen a particular method for cost reasons and to receive rewards, whereas women’s choices
are more likely to be driven by convenience and control. Also, the youngest are more probable
to make their choices based on costs and security, whereas the older generations’ choices were
more often driven by control and rewards. The latter might be caused by the elderly having
more generous credit card reward programs than younger people. Finally, people living in
urban areas are significantly more likely than those from rural regions to mention rewards
as a motivation of their payment choice. As mentioned in Section 5.1.2, the data does not
point at significant differences between urban and rural respondents in terms of credit card
possession, so perhaps this is driven by heterogeneity in the reward programs that they have.
More data is needed to further assess this claim.

Financial characteristics also influence consumers’ stated reasons. Those responsible
for their household’s finances are more likely to decide on a payment method based on
its costs, rewards and security, whereas medium- and high-income people more often make
their choices based on convenience, control and rewards. People from the lowest income
group, by contrast, are more likely to cite security as a driver. This latter finding may be
explained by lower-income people having fewer financial buffers and therefore being more
risk averse. Kosse (2013b), for example, shows how higher-income people tend to think
less seriously about the likelihood as well as consequences of cash and payment card-related
safety incidents compared to people from the lowest income category. Costs are an important
reason for the self-employed when deciding how to pay a bill.

Consumers’ reasons for choosing a particular method also significantly vary depending
on their online shopping behaviour and their use of big tech companies. In particular, people
who have initiated a payment via big tech are 23 pp and 7 pp more likely to be driven by
costs and security, respectively, than those who have not. Moreover, the probability of
mentioning control and rewards (and, to a lesser extent, convenience) significantly increases
with consumers’ online purchasing behaviour. The significant negative coefficients for the
squared e-commerce variable in the control, rewards and convenience models, however, show
that as people buy more online, the effect is lessened. Moreover, the significantly negative
(positive) marginal effects of the e-commerce variable (squared) in model (6) suggest that
the more people shop online, the less their bill payment choices are driven by security-related

14Due to the limited number of respondents mentioning ‘no bank account’ as a reason, this reason is
excluded from the analysis.

15The Hosmer-Lemeshow test results (available upon request) show that the models are a good fit, except
for model (1) and (4). Hence, the results of these should be interpreted with some caution.
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reasons.
Finally, consumers’ POS payment behaviour is a significant predictor of people’s

stated reasons for use. The impact is most significant and strongest in model (5), which
is intuitive: the more people use cash for their POS purchases, the less likely they are to
go for rewards (i.e. to pay with a credit card), compared to those who pay most of their
POS purchases with a card. By contrast, and perhaps more interesting, is that fervent POS
cash users are significantly more likely to pay their bills based on the costs and security of
a payment method.

Apart from the above-mentioned drivers, a considerable number of consumers feel
limited in their choice. The marginal effects from Model (2) demonstrate that millennials
in particular, as well as people living in urban areas, those managing their household’s
finances, the highest-income people, the self-employed, those who frequently buy online and,
although only significant at the 10% level, those who transact via big techs, are most likely to
have cited ‘no choice’ as a reason. This suggests that these population groups may have paid
differently if offered a larger or different choice set of payment methods. People who use cash
for most of their POS purchases, however, are significantly less likely than their counterparts
to have stated the ‘no choice’ reason, which shows that they are rather satisfied with the
bill payment options offered to them. Hence, the earlier conclusion that they are also more
inclined to use cash for their bills mainly seems to be caused by personal preferences instead
of choice restrictions.

5.4 Impact of bill type

5.4.1 Model

The CCPT Survey allows for an investigation of the impact of the type of bill on consumers’
decision how to pay. For this purpose, I first transpose the data from being a set of
respondents to a set of bills, which lists the known features of each bill paid by the
respondents, i.e. the type of expense and the characteristics of the payer. Following Greene
and Stavins (2020), I use this reshaped data to run a multinomial discrete choice model to
estimate the likelihood that a certain bill type b is paid with payment method j, using the
following specification:

Jb = J(DEMb, F INb, INNOb, POScashb, TY PEb) (8)

An important assumption of multinomial logit models is that the outcome categories
have the property of independence of irrelevant alternatives (IIA). The IIA assumption
assumes that the relative probability of choosing between two options is independent of
any additional alternatives in the choice set. If this assumption is violated, multinomial
logit models lead to unrealistic predictions. I tested for the validity of this assumption
using the suest-variant of the Hausman test, which, contrary to the classic Hausman test,
allows for clustering. The test results showed that the IIA assumption is satisfied when
merging store-offered MOs, in-store EBPs, prepaid cards and other payment methods

15



into one category, ‘other’.16 17 This suggests that there is correlation between the
tendencies of using these instruments, for example because they can all be used without
having a bank account or credit line. Moreover, store-offered MOs and in-store EBPs
both require consumers to visit a post office or other non-bank financial service provider.
In most cases, these locations offer both options. Hence, it is not surprising to find
that the relative probability of using a store-offered MO increases when consumers are
no longer offered the option of initiating an in-store EBP, and vice versa. Therefore, Jb
in model (8) denotes the payment method used for bill b and takes on the following categories:

Jb ≡



1 if bill b is paid with a PAD

2 if bill b is paid with an OBP

3 if bill b is paid with a cheque

4 if bill b is paid with a credit card

5 if bill b is paid with an e-Transfer

6 if bill b is paid with cash

7 if bill b is paid with a debit card

8 if bill b is paid otherwise

(9)

Compared to the previous analyses, this analysis is at the bill level rather than at the
consumer level, i.e., I assess for each bill which payment method was used. This specification
contains the same regressors as in the earlier specifications, with the addition of TY PEb.
The interpretation of DEMb, FINb, INNOb and POScashb is, however, slightly different
than before. DEMb is a vector of the gender, generation and living environment of the payer
of bill b, and FINb contains variables reflecting the payer’s financial situation. INNOb is
a vector of variables reflecting the attitudes towards new technologies of the payer of bill b,
while POScashb denotes their relative POS cash usage. Finally, TY PEb is a vector of the
13 bill types listed in Section 4.

Table 8 shows the average marginal effects of the multinomial logit regression, as
well as the standard errors that are again clustered by respondent. Although the regression
included the full set of variables specified in (8), for reasons of convenience the table only
presents the marginal effects of the different bill types. These effects should all be interpreted
relative to the base category, which is a cable bill.

5.4.2 Results

The results in Table 8 confirm that, after controlling for characteristics of the payer, bill
payment choices significantly vary across bills. This is in line with the findings of Greene and
Stavins (2020). For example, electricity, gas, internet, taxes and water bills are significantly
more likely (than cable bills) to be paid using an OBP, whereas home services are significantly

16Results are available upon request.
17An alternative approach would be to estimate a nested logit model. However, this requires information

about bill method-specific characteristics, which I am lacking.
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more likely (than a cable bill) to be paid with a cheque, e-Transfer or cash. The results also
demonstrate that the two most common paper-based payment methods, i.e. cheques and
cash, are particularly used for daycare/tutoring and home service expenses.

These findings suggest that the use of bill payment methods is greatly influenced by
bill-specific factors, for example by their bill size, variability and frequency, which is in line
with the conclusions of Hayashi and Klee (2003) and Bounie and François (2011). However,
further research is needed to examine whether this is demand-driven or supply-driven. Does
the nature of a bill, for example, influence consumers’ demand for control, security and
ease of use? Or, alternatively, do the results demonstrate that consumers are subject to
supply-side factors, such as stimuli or constraints put in place by billers? The acceptance and
encouragement of payment methods by merchants have been found to significantly influence
POS payment choices, and the same might be true for bills. For reasons of convenience
and efficiency and when there is limited competition, billing companies might be eager to
steer their clients towards certain payment methods, for example by accepting only a limited
number of methods or by using financial incentives, such as fees, rewards or discounts. The
observation in Section 4.3 that ‘no choice’ was a frequently cited reason for use suggests
that consumers’ do not always have full freedom of choice, which could mean that their
choice is indeed limited and/or affected by preferences of the payee. Also, certain expenses
are oftentimes person-to-person (P2P) payments that cannot be paid using many of the
electronic payment methods, simply because the receiving person is not technically able to
accept these (e.g. PADs, OBPs and credit cards). This might explain the finding that
day-care/tutoring and home services, as opposed to cable bills, are more (less) likely to be
paid via a cheque or cash (a PAD or OBP).

6 Summary and Discussion

Using data from the CCPT Survey, I provide insight into how Canadians paid for their bills
in 2019. The key conclusions from the descriptive statistics are (1) on average, Canadians
use between two and three different payment methods to pay their bills, (2) PADs, OBPs
and credit cards are used most frequently, (3) e-Transfers seem to be used as a substitute
for PADs and cheques, (4) convenience and speed are most often mentioned as reasons for
usage, and (5) cheques, cash, prepaid cards and money orders are often used due to choice
restrictions. These are useful insights for the Canadian payments industry leaders who are
developing a new batch payments system, as it sheds light on the key use cases and reasons
for use of the various payment methods in Canada.

Moreover, I fill an important gap in the academic retail payments literature by
studying the factors that influence bill payment behaviour. The results of the binomial and
multinomial regressions show that there is currently no single dominant payment method
for all demographics and uses. In particular, I demonstrate that (1) demographics, financial
situation, new technology adoption and POS payment habits play a significant role in both
the usage and intensity of use of bill payment methods, as well as in consumers’ stated
drivers and barriers, and (2) consumers’ bill payment behaviour strongly varies by bill type.
Whether the latter is because consumers’ preferences are influenced by specific bill features,
or whether their decisions are determined by stimuli or constraints put in place by billers,
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remains unclear and requires future research.
The findings presented in this paper are also relevant for policy makers, authorities

and payment service providers intending to increase the uptake and use of digital payments.
First, the results clearly show the importance of targeting specific markets when shaping a
vision and developing alternate solutions for cash and cheques. Low-income people, those
who transact through big tech firms, and those paying the majority of their POS purchases in
cash are significantly more likely (than their counterparts) to pay their bills with cash. Hence,
these are the population groups to target when stimulating the use of non-cash alternatives.
Similarly, the elderly, self-employed, those paying most of their household’s expenses and
big tech users are more likely to use cheques as compared to their counterparts. Therefore,
they are the ones to be affected most if the acceptance of cheques were to be reduced or
discouraged.

Second, the regression results demonstrate that the specific population groups
identified above mostly care about costs, rewards, security and having control over the
payment. This suggests that their migration away from cash and cheques will hinge on the
financial incentives (e.g. fees and rewards), security and the degree of control of alternate
solutions. The findings also show that some of these groups, such as low-income people and
big tech users, are also more probable than their counterparts to have used an e-Transfer.
Hence, potential measures to discourage the use of paper-based bill payments could result
in a migration towards e-Transfer or similar digital instant P2P payment solutions.

Finally, the analyses demonstrate that preferences of billers might play an important
role in consumers’ bill payment choice. This means that any further migration towards
non-paper-based bill payments may depend more on businesses than on overcoming consumer
resistance. More research into this is warranted, because if this is indeed the case, it is
important for policy makers and payment service providers to understand and address the
bill preferences of businesses. For example, the use of cash and cheques might be further
reduced by developing payment products specifically targeted to the needs of businesses in
the daycare/tutoring and home services sector where cash and cheques are still commonly
used.

Apart from research into the bill payment preferences of billers, this paper also
provides a foundation for further research on the uptake of new innovative payment
methods and the speed with which these will displace the legacy methods. For example,
should we expect a creative destruction, and if so, how quickly will that materialize? I
show that the use of payment methods significantly varies across demographics, some of
which are predictable, such as age. Hence, it would be worthwhile to study if a changing
age composition would be sufficient to generate a significant shift to the newest forms of
payment, such as e-Transfers, over the next ten years. Similarly, current policy discussions
will benefit from future research studying how the general decline in POS cash usage and
the growing technological awareness will impact consumers’ bill payment behaviour over
the next decade. The current paper provides a good starting point for exploring future
projections like these.
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Tables and Figures

Table 1: Composition of sample and Canadian population

Strata Category Sample share Sample share Population share

Unweighted Weighted 2016 Census

Gender Female 48% 51% 51%

Male 52% 49% 49%

Age 18 to 24 11% 11% 12%

25 to 34 20% 16% 17%

35 to 44 18% 16% 16%

45 to 54 20% 18% 18%

55 to 64 14% 18% 17%

65 to 74 12% 16% 12%

65 or older 4% 5% 9%

Region Alberta 9% 11% 12%

British Columbia 12% 14% 13%

Manitoba 4% 4% 4%

New Brunswick 2% 2% 2%

Newfoundland and Labrador 1% 1% 1%

Northwest Territories 0% 0% 0%

Nova Scotia 2% 3% 3%

Nunavut 0% 0% 0%

Ontario 38% 38% 38%

Prince Edward Island 1% 1% 0%

Quebec 28% 24% 23%

Saskatchewan 3% 3% 3%

Yukon 0% 0% 0%

Income bracket Low 25% 26% 26%

Medium 66% 65% 59%

High 9% 8% 15%

Source: 2019 CCPT Survey and Statistics Canada – 2016 Census. Weighted sample shares are calculated using
weights based on gender, age and region. Income bracket categories are defined as follows: Low = CAD 39.999
or less; Medium = CAD 40.000 – CAD 149.999; High = CAD 150.000 and more.
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Table 2: Summary of bill payers

Sample summary

Bill payers (% of obs.) 98%

Number of bills paid (mean) 8.4

Number of payment methods used (mean) 2.7

Source: 2019 CCPT Survey. Based on weighted data. Bill payers are
defined as those who have recently paid one or more bills.
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Figure 1: How did you most recently pay for ...?

Source: 2019 CCPT Survey. Based on weighted data. Each bar shows the percentage breakdown by payment
method of all respondents who had recently paid for that particular bill type.
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Figure 2: Breakdown of payment method by bill type

Source: 2019 CCPT Survey. Based on weighted data. Each bar displays the percentage share of respondents
(out of the total respondents using that payment method) that had recently used that particular payment
method for a certain purpose.
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Figure 3: Why did you use ...?

Source: 2019 CCPT Survey. Based on weighted data. Each bar shows the total number of respondents
mentioning a particular reason for using a payment method. Respondents were able to provide multiple
reasons.
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Table 7: Factors influencing stated reasons for use

This table reports the average marginal effects of the binomial logit regressions as specified in equation
(6). Standard errors (in parentheses) are clustered by respondent. Observations are weighted based on
gender, age and region. Generations refer to Millennials (born 1977–1995), Gen X (born 1965–1976),
Baby boomers (born 1946–1964) and Silent Generation (born 1945 and before). The reference category
is a female born after 1995, living in a rural environment, who does not pay most of the household
bills or expenses, is from the lowest income group, not self-employed, has never transacted through a
big tech company and is a low POS cash user. ***/**/* denotes significance at the 1%/5%/10% level,
respectively.
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Table 8: Impact of bill type

This table reports the average marginal effects of the multinomial logit regressions as specified in equation (8). Standard
errors (in parentheses) are clustered by respondent. Observations are weighted based on gender, age and region. The
model includes a full set of variables as described in Section 5.4.1. The table shows results for the various bill types
only. The reference category is a cable bill. ***/**/* denotes significance at the 1%/5%/10% level, respectively.
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